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Below are the 2D visualisations of all the problem instances in the different projection spaces for each of the

datasets included.

Comp 2

Comp 2

PCA PILOT
304 301
254 g
201
201 @
15 A ®
o S 10-
104 £ DX
o
> 0 %o
“Xate.
0 e .
-5+ ~104
_10 L T T T T T T T
10 20 30 -30 -20 -10 0
Comp 1 Comp 1
PLS rel PLS
40 A
30 - 30 A
201 ~ 20 4
g— °
101
© 10
0 N % X
o 2
_10 .

-20 -15 -10 -5 0 5

Comp 1

-15

Comp 2

LDA

5.0 A

2.5

0.0 A

—2.54

—5.0

—7.54

—10.0 1

-12.51

-4 -2 0

N
N
o

Actual
LKH
MAOS
ANY
Group
train
test

-20 -15 -10

-5 0 5

Comp 1

Fig. 1: 2D projections of tsp60 instance space showing actual best algorithm
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Fig. 2: 2D projections
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Fig. 3: 2D projections of tsp1800 instance space showing actual best algorithm
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Fig.4: 2D projections of tsp1800 instance space showing predicted best algorithm
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Fig.5: 2D projections of tspWin instance space showing actual best algorithm
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Fig. 6: 2D projections of tspWin instance space showing predicted best algorithm
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Fig. 7: Distribution of relative regret for misclassified instances from TSP datasets
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Fig.8: 2D projections of vrp instance space showing actual best algorithm
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Fig.9: 2D projections of vrp instance space showing predicted best algorithm
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Fig. 10: 2D projections of knapsack instance space showing actual best algorithm
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Fig.11: 2D projections of knapsack instance space showing predicted best algorithm
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